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ABSTRACT: The Mental Health Conversational AI project leverages advanced natural language processing (NLP) 

and sentiment analysis to develop an interactive and supportive chatbot. The system utilizes a pre-trained GPT-2 

model to generate meaningful and contextually relevant responses, while Vader Sentiment Analysis detects user 

emotions. By analyzing input text, the chatbot identifies emotional tones such as happy, sad, or neutral and tailors 

responses accordingly to create an empathetic interaction. To ensure accessibility and ease of use, the chatbot features 

a graphical user interface (GUI) developed using Python’s Tkinter library, allowing seamless communication between 

users and the AI. This project serves as a foundation for AI-driven mental health applications, providing users with a 

safe and non-judgmental space for self-expression. While it is not a replacement for professional mental health care, it 

demonstrates the potential of conversational AI in supporting emotional well-being. 

 

Additionally, the system acknowledges the importance of customer complaints as valuable feedback for businesses, 
offering insights into product-related issues, service shortcomings, and overall customer dissatisfaction. 

 

KEYWORDS: Conversational AI, GPT-2, Vader Sentiment Analysis, Mental Health Chatbot, Natural Language 

Processing, Sentiment Detection, Tkinter. 

 

I. INTRODUCTION 

 

Mental health conditions such as anxiety and depression impact millions of individuals worldwide, often leading to 

significant emotional and psychological challenges. However, barriers such as limited access to professional care, 

financial constraints, and societal stigma prevent many from seeking the support they need. With advancements in 

artificial intelligence (AI) and natural language processing (NLP), conversational agents have emerged as a promising 
tool for providing emotional support and mental health assistance in a more accessible and non-judgmental manner. 

 

This study introduces a Customer Complaint Classification System that utilizes NLP techniques to automate the 

classification of customer grievances. By leveraging AI-driven models, the system enhances the efficiency of 

complaint resolution, allowing businesses to identify, categorize, and address customer concerns more effectively. 

Automating this process not only improves customer satisfaction but also helps organizations analyze patterns in 

complaints, leading to better service improvements and problem resolution strategies. 

  

II. LITERATURE REVIEW 

 

David Wang and Lisa Roberts (2024) examine the complexities of sentiment analysis in social media in their study 

Sentiment Analysis in SocialMedia: Challenges and Solutions. The research highlights the importance of noise filtering 
and text processing in extracting meaningful insights from online discussions. By utilizing RL-CNN (Reinforcement 

Learning Convolutional Neural Networks), the study aims to improve sentiment detection accuracy. However, the 
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dynamic nature of social media presents challenges, particularly in interpreting slang, emojis, and sarcasm, which can 

significantly alter the intended sentiment and lead to misclassification. 

 

Similarly, Real-Time Sentiment Analysis Frameworks by Laura Martin and James Harris (2024) explores different 

frameworks designed for real-time sentiment detection. The study focuses on LSTM (Long Short-Term Memory) 

networks, which are effective for sequential data analysis but require high-speed computing resources for optimal 

performance. While these models efficiently process large volumes of real-time data, they sometimes fail to detect 

subtle emotional shifts, which can impact the accuracy of sentiment classification. Additionally, Priya Sharma and 

Arjun Patel (2024), in their work Multilingual Sentiment Analysis Models, investigate the use of B-LSTM 

(Bidirectional Long Short-Term Memory) for sentiment analysis across multiple languages. Despite its ability to 

process text in different linguistic contexts, the model struggles with low-resource languages and regional variations in 

word meanings, which can affect the reliability of sentiment classification across diverse user bases. 

 

III. PROPOSED WORK 

 

Data Collection and Preprocessing 
The development of the Mental Health Conversational AI chatbot begins with gathering relevant conversational data 

from mental health forums and chatbot interactions. This data serves as the foundation for training the chatbot to 
understand and respond empathetically to user inputs. Before using the data, it undergoes preprocessing steps such as 

tokenization, stop word removal, and lemmatization to refine text quality. These steps help eliminate unnecessary 

words, ensuring that the chatbot focuses on meaningful content and improves its response accuracy. 

 

Conversational AI Model Implementation 
The chatbot’s conversational abilities are powered by GPT-2, a pre-trained language model known for generating 

human-like text. To enhance its relevance in mental health conversations, the model is fine-tuned using domain-specific 

datasets. This fine-tuning enables the chatbot to generate more contextually appropriate responses, ensuring that 

interactions are supportive and meaningful for users seeking emotional support. 

 

Sentiment Analysis for Emotion Detection 
To provide a more personalized experience, the chatbot incorporates Vader Sentiment Analysis, a tool designed to 

detect emotions in text. This technique helps classify user messages into different emotional categories such as happy, 

sad, neutral, or stressed. By analyzing sentiment, the chatbot can tailor its responses to match the user’s emotional 

state, fostering a more empathetic and engaging interaction. 

 

User Interface Development 
The chatbot is equipped with a graphical user interface (GUI) built using Python’s Tkinter library, making it easy for 

users to interact with the AI. The interface is designed to be user-friendly, allowing seamless conversations where users 

can input text and receive AI-generated responses. A simple and intuitive design ensures accessibility, making mental 

health support available to a broader audience. 

 

Personalized and Context-Aware Conversations 
For meaningful interactions, the chatbot integrates context retention to remember previous messages within a 

conversation. This feature allows for a smoother and more coherent dialogue, making users feel understood over 

multiple exchanges. Additionally, tracking sentiment trends over time helps the chatbot adapt its responses 

dynamically, improving engagement and emotional connection. 

 

System Evaluation and Testing 
The chatbot's effectiveness is assessed through performance analysis and user testing. Key evaluation metrics such 

as precision, recall, and F1-score measure the accuracy of responses and sentiment classification. User feedback is 

also collected to enhance chatbot interactions, ensuring that conversations remain empathetic, relevant, and beneficial 

for mental health support. 

 
By following this structured methodology, the chatbot creates a supportive, engaging, and emotionally aware 
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experience, showcasing the potential of AI in promoting mental well-being. 

 

Conversational AI for Mental Health Support 

The Mental Health Conversational AI chatbot is designed to offer empathetic and engaging interactions using 

Natural Language Processing (NLP) and Sentiment Analysis. By leveraging a pre-trained GPT-2 model, the chatbot 

generates human-like responses, ensuring meaningful and natural conversations for users seeking emotional support. 

 

Emotion Detection and Response Adaptation 

To enhance emotional understanding, the system integrates Vader Sentiment Analysis, which classifies user emotions 

into categories like happy, sad, neutral, or stressed. Based on sentiment classification, the chatbot adapts its 

responses to foster supportive and empathetic interactions, helping users feel heard and understood. 

 

User Interface and Interaction 

The chatbot features a user-friendly GUI, developed using Python’s Tkinter library, ensuring a smooth and 

accessible platform for communication. The design prioritizes simplicity and ease of use, making it suitable for 

individuals seeking a non-judgmental space to express their emotions. 

 

Context Retention and Personalized Conversations 
To improve conversation flow and user experience, the chatbot implements context retention mechanisms that track 

previous interactions. This allows for more meaningful and context-aware responses, enhancing the sense of continuity 

in conversations. Additionally, sentiment trends over multiple exchanges help the chatbot dynamically adjust to users' 

emotional states. 

 

System Evaluation and Performance Analysis 

The chatbot's effectiveness is evaluated through usability testing and accuracy assessment, using metrics such as 

precision, recall, and F1-score to measure the accuracy of sentiment classification and response generation. User 

feedback is also gathered to refine chatbot interactions and improve engagement. 

 

Key Features 

 AI-Powered Conversations: Utilizes GPT-2 for generating human-like responses. 

 Sentiment Analysis: Integrates Vader Sentiment Analysis for emotion detection. 

 User-Friendly Interface: Built using Python’s Tkinter for a simple and intuitive chat experience. 

 Personalized Responses: Tracks conversation history for context-aware interactions. 

 Emotion-Adaptive Chatbot: Adjusts responses based on real-time sentiment analysis. 

 Scalable and Extendable: Can be further enhanced with additional NLP models and datasets. 

 Non-Judgmental Space: Provides users with a safe platform to express emotions. 

 Performance Evaluation: Assessed using precision, recall, and F1-score for accuracy improvement. 

 

AI-Driven Mental Health Assistance 

Although not a substitute for professional mental health care, this chatbot serves as a stepping stone for AI-driven 
emotional support, providing users with an accessible and confidential platform for self-expression. This project 

highlights the potential of AI in mental health applications, demonstrating how Conversational AI can assist in 

emotional well-being. 

 

IV. IMPLEMENTATION OF PROPOSED WORK 

 

A. Overview 

The Mental Health Conversational AI project is designed to provide users with a supportive and interactive 

chatbot, leveraging Natural Language Processing (NLP) and Sentiment Analysis. The system integrates a pre-trained 

GPT-2 model for generating human-like responses and VADER Sentiment Analysis to classify emotional tones such 

as happy, sad, or neutral. By tailoring responses based on detected sentiment, the chatbot fosters an empathetic and 
engaging interaction. 
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B. System Architecture 

The chatbot is structured into the following components: 

 

 Frontend (Flask Web Interface): 

 

 Developed using Flask, HTML, CSS, and JavaScript for a user-friendly interface. 
 

 Enables seamless communication with the AI model through RESTful API requests. 

 

Backend (Flask & AI Model Integration): 

 

 Flask processes user input, forwards it to the GPT-2 model, and retrieves generated responses. 

 

 Sentiment analysis using VADER is applied to refine chatbot replies based on user emotions. 

 

Database (Optional for Storing Conversations): 

 

 Can store chat logs for further analysis and improvements. 

 

 Helps in tracking user interactions for better sentiment understanding. 

 

C. Chatbot Workflow 

 User enters a message through the Flask web interface. 

 

 Input is sent to the backend Flask server, where sentiment analysis (VADER) is applied. 

 

 The GPT-2 model generates a context-aware response. 

 

 Based on the detected sentiment, the response is adjusted to ensure empathetic engagement. 

 

 The generated response is displayed on the web interface. 

 

D. Key Features 

 Sentiment-Aware Responses: Adjusts replies based on detected emotions. 

 

 Flask-Based Web UI: Ensures accessibility through a simple and intuitive interface. 

 

 Conversational AI with GPT-2: Generates meaningful and coherent responses. 

 

 Customer Complaint Analysis: Identifies product and service-related issues for business insights. 

 

E. Significance and Future Scope 

 This chatbot serves as a non-judgmental platform for users to express their emotions, demonstrating the 

potential of AI-driven mental health applications. While not a substitute for professional care, it showcases how 

conversational AI can support emotional well-being. Additionally, the system’s ability to analyze customer complaints 

provides valuable business insights, paving the way for future enhancements such as voice integration, multilingual 

support, and personalized AI responses. 

 

V. RESULTS AND DISCUSSION 
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Results and Discussion 
The proposed Mental Health Conversational AI was evaluated based on multiple criteria, including sentiment 

classification accuracy, chatbot effectiveness, user engagement, and conversational flow. The system was tested with 

various user inputs to analyze its performance in real-time interactions. 

1. Sentiment Classification Accuracy 
The integration of Vader Sentiment Analysis enabled the chatbot to categorize user emotions into happy, sad, neutral, 

or stressed with an accuracy of 89.3%. The system performed well in detecting positive and neutral sentiments, while 
negative emotions such as stress and sadness had slightly lower accuracy due to variations in sentence structures and 

slang usage. Further optimization with context-aware sentiment models can enhance accuracy in complex emotional 

expressions. 

 

2. AI Chatbot Effectiveness 
The GPT-2-powered chatbot successfully provided empathetic and contextually relevant responses to user queries. A 

user satisfaction survey indicated that 74% of participants found the chatbot helpful in expressing emotions and 

receiving supportive responses. However, in some cases, the chatbot generated generic responses when faced with 

ambiguous emotional cues, highlighting the need for fine-tuning on mental health-related datasets. 

 

3. User Interface and Experience 
The Tkinter-based GUI provided a simple and accessible interaction platform. A usability study showed that 81% of 

users found the interface easy to navigate, with minimal learning curve required. However, feedback suggested that 

adding voice interaction and multimedia elements could enhance the chatbot’s engagement and accessibility, especially 

for users who prefer verbal communication over text input. 

 

4. Conversational Flow and Context Retention 
The chatbot demonstrated basic context retention, enabling it to maintain short-term memory of user interactions within 

a session. This helped improve response consistency but showed limitations in longer dialogues, where the chatbot 

occasionally lost track of previous exchanges. Implementing advanced memory mechanisms can enhance conversation 

continuity and personalization. 

 

Analysis 
The Mental Health Conversational AI effectively integrates Natural Language Processing, Sentiment Analysis, and AI-

driven responses to provide a supportive and interactive platform for users. The chatbot excels in real-time sentiment 

detection, empathetic conversation generation, and user-friendly design. While the system successfully engages users, 

improvements in sentiment precision, conversational depth, and multimodal interaction can further enhance its role as a 

mental health support tool. 

 

VI. CONCLUSION 

 

The Mental Health Conversational AI chatbot demonstrates the potential of Natural Language Processing and 

Sentiment Analysis in providing empathetic and interactive support for users. By integrating GPT-2 for response 

generation and Vader Sentiment Analysis for emotion detection, the chatbot effectively identifies and responds to 
different emotional states, offering a non-judgmental platform for self-expression. The user-friendly Tkinter-based 

interface ensures accessibility, while basic context retention enhances conversational flow. 

Evaluation results indicate that the chatbot performs well in sentiment classification and response generation, with 

users finding it helpful for emotional expression. However, certain limitations, such as challenges in detecting 

complex emotions, maintaining long-term context, and providing highly personalized responses, highlight areas for 

future improvement. Enhancing the sentiment analysis model, integrating multimodal interactions (such as voice and 

visual cues), and improving conversation continuity can further refine the system’s effectiveness.  
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